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I. INTRODUCTION 
 

The Indian education system is at a juncture point, 

being informed by both ambitious reforms of their 

policy and the accelerated streamlining of digital 

technologies. The heart of this change is the National 

Education Policy 2020 (NEP 2020), the first phase in 

the general redesign of the Indian educational 

process in the past 30 years. The policy, which was 

introduced as a visionary strategy, aims at ensuring 

the reorientation of learning away from non-rote 

memorization and toward experiential, 

multidisciplinary, and competency-based learning. 

One of the key aspects of this vision is the early 

inclusion of emerging technologies in school 

curricula, especially Artificial Intelligence (AI) and 

computational thinking. The policy hopes to equip 

Indian learners with digital literacy and knowledge of 

AI, starting at early levels, and will enable them to 

compete in a world that is more and more 

automated and intelligent. 

 

But the dream targets of NEP 2020 are faced with a 

highly imbalanced educational situation. India has a 
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schooling system of gross inequalities in terms of 

infrastructure, technology access, teacher 

preparation, and socioeconomic status. Although 

advanced AI-based testing and generative learning 

platforms are experimented with in elite schools in 

metropolitan areas, a significant share of rural state 

schools still have to struggle with systemic deficits, 

including electric power outages, Internet access, 

and untrained educators. Such asymmetries provide 

a serious challenge to the execution of uniform 

policies, creating concerns that technology-driven 

reforms, when implemented in a uniform way 

without necessary contextual sensitivity, would 

worsen instead of mitigating educational inequities. 

 

The need to close this gap has only gotten more 

urgent as the government has put forth new 

measures to see the implementation of AI and 

computational thinking in elementary schools by the 

2026-27 school year. Applying to hundreds of 

millions of students and millions of teachers, this 

directive is one of the mass curriculum changes that 

have been tried within any national educational 

system. Its effectiveness, however, depends on the 

willingness of the most resource-starved institutions, 

viz., rural government schools, which comprise the 

mass of Indian public educational delivery. Devoid of 

specific constructs that recognize the reality of 

infrastructures and socio-cultural conditions, these 

reforms become Diathesis of policy proclamations 

other than working pedagogic shifts. 

 

The rural Indian government schools are established 

under complicated conditions that are not limited to 

technological shortages. They have inadequate 

exposure to digital pedagogy, linguistic diversity, 

community-based socio-cultural situations, And a 

lack of unified mechanisms of institutional support. 

Schools in most of the villages are the main 

socialization and community integration point, 

hence, are well placed to respond as drivers of 

encompassing technology adoption. Nevertheless, 

direct application of urban-centric AI learning 

models to such settings can be ineffective or even 

counterproductive. Digital solutions that are 

standard and high bandwidth presuppose constant 

connectivity, uninterrupted power supply, and 

educators who are digitally equipped, whereas the 

opposite can be observed in rural communities. 

 

There is, in turn, the increasing acknowledgment of 

the necessity of a localized approach that is context-

specific to the effective use of AI in schools in the 

countryside. This framework should not be about 

providing hardware, but should focus on versatile, 

offline-friendly tools; culturally sensitive and 

multilingual instructional materials, and educator 

empowerment to suit the local reality. With the 

adoption of technology set in the socio-economic 

and infrastructural setup in rural India, localized 

systems can help bridge the longstanding gap 

between the ambitions of a policy and its 

implementation on-ground. 

 

The localization reasoning also conforms to the 

overall pedagogical ethos of NEP 2020, which 

recommends flexibility, contextual learning, and 

incorporation of local knowledge systems. The policy 

clearly recognizes the diversity of India and 

promotes curricular adaptation of regions with the 

aim of improving students’ interaction and 

understanding. Applying this philosophy to AI 

implementation suggests the desire to develop a 

solution that would work well within low-resource 

settings and still be pedagogically sound. Examples 

of these efforts to address the issue of balancing 

technological innovation with the contextual issues 

of technological use include offline AI modules, 

solar-powered digital kits, and community-

supported teacher training programs. 

 

More so, the implementation of AI in primary 

education raises significant questions about truth in 

terms of equity, digital inclusion, and 

democratization of future competencies. In the case 

of an inclusive approach, AI education can become a 

potent equalizer, as it has allowed rural learners to 

become participants in knowledge domains that 

were initially only available to urban and privileged 

settings. On the other hand, when the 

implementation is poor, it would enhance the digital 

divide, and students in rural backgrounds will be 

even more marginalized in the more technology-

focused world. These stakes are thus simultaneously 

educational and socio-economic, since digital 
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competencies are quickly becoming a requirement 

to be allowed in the contemporary labor market and 

citizen-like life. 

 

In that regard, the current study is driven by the 

necessity to explore the gaps in the NEP 2020 

expectations of technology and the realities of rural 

government schools in their functioning. It suggests 

that a localized AI implementation framework should 

be designed using an infrastructural viability, 

pedagogical flexibility, and cultural appropriateness. 

The goal of such a framework is to take high-level 

policy instructions and design actionable (scalable) 

strategies that can be applied even when resources 

are low. The challenges covered by the study, by 

concentrating on the last-mile issues, refer to the 

electricity shortages and the lack of connectivity, as 

well as to the readiness of the teachers or the 

language disparities, so that the introduction of AI 

into the Indian educational system should remain 

non-discriminatory and reasonable in the local 

context. 

 

In the end, the change proposed in NEP 2020 is 

impossible to achieve with the help of standard 

national prescriptions. Rather, it demands subtle, 

decentralized solutions that capture the Indian level 

of heterogeneity in the educational ecosystem. A 

grassroots model of Artificial Intelligence application 

in rural state schools, therefore, is not only a 

logistical key but an educational one, a key which 

simultaneously corresponds the technological 

innovation to the concepts of accessibility, 

inclusivity, and local applicability. This study 

attempts to play its role in this aim and provide a 

systematic way in which AI can be utilized as an 

empowering, and not an excluding, device in the 

rural classrooms of India. 

 

II. RESEARCH OBJECTIVES 
 

The current research, the name of which is A 

Localized Framework to AI implementation in Rural 

Indian government schools: Addressing Gaps in the 

National Education policy 2020 (NEP 2020), aims to 

create a location-aware and viable model of 

introducing the application of Artificial Intelligence 

(AI) education in the rural schooling setting that is 

limited by resources. With the wider scope of the 

vision of equitable and inclusive technologies in 

teaching and learning, the following research 

objectives are postulated: 

 

Primary Objective 

To design a local, context-relevant system for the 

successful enforcement of AI and computational 

reasoning in rural government schools in India in line 

with NEP 2020. 

 

Specific Objectives 

1. Critically review the applicable policy provisions 

of NEP 2020 concerning AI, digital learning, and 

computational thinking, and, in particular, how 

this policy applies in rural government schools. 

2. To determine the infrastructural preparedness of 

the rural government schools, such as the 

availability of electricity, internet access, digital 

devices, and simple access to technology, which 

the AI-based learning requires. 

3. To determine the digital competency, readiness, 

and training requirements among teachers at 

rural schools for the successful adoption of AI-

based pedagogical practices. 

4. To determine the socio-cultural, linguistic, and 

contextual factors that determine the 

acceptance and effectiveness of AI-based 

educational resources in the rural learning 

setting. 

5. To investigate issues and obstacles of 

implementing technology-informed curricular 

reform in educational settings with low 

resources, especially regarding equity and 

accessibility 

6. To measure the practicability of offline and 

sparsely-bandwidth AI learning systems that can 

be used efficiently in locations that have poor 

technological availability. 

7. To prepare culturally sensitive and locally flexible 

AI learning modules that resonate with and 

interact with the needs of rural learners, with the 

local knowledge system, and with multilingual 

realities. 

8. To put forward capacitance-making plans to 

instructors with localized teaching models and 

community-based support structures to sustain 

AI implementation. 
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9. To formulate implementation guidelines and 

policy recommendations that can bridge the gap 

between policy aspirations at the national level 

and ground realities on the ground in the rural 

government schools. 

10. To determine the possible influence of a 

localized manner of integrating AI to help lessen 

the digital divide and ensure equitable access to 

future-ready skills among rural students. 

11. To make a contribution to the existing body of 

academic knowledge on inclusive educational 

technology by contributing to a scalable and 

replicable localized model that can be applied in 

different rural settings in India. 

The overall purpose of these objectives is to establish 

that the implementation of AI in school education as 

part of NEP 2020 is inclusive, context-sensitive, and 

practical, and can therefore help establish equitable 

educational change in rural India. 

 

III.  METHODOLOGY 
 

The research design used in the study is a mixed-

methods research design, which is meant to come up 

with a localized framework of AI implementation in 

villages in government schools, based on the 

National Education Policy 2020. The primary data will 

be gathered through field surveys, semi-structured 

interviews with teachers and school administrators, 

and observation visits to the selected rural schools in 

different socio-economic backgrounds. Secondary 

information would be gathered by using policy 

reports, government reports, and existing literature 

on AI in education. Descriptive statistics should be 

used to analyze quantitative data, and qualitative 

responses would be analyzed using thematic means 

to determine infrastructural, pedagogical, and 

contextual gaps to serve as the foundation of the 

proposed localized implementation framework. 

 

IV. LITERATURE REVIEW 
 

4.1. The Concept of AI in Education (AIED) 

When we talk about Artificial Intelligence in our 

schools, we aren't just talking about robots; we’re 

talking about smart tools like machine learning and 

predictive analytics that handle tasks usually 

requiring a human touch. This includes everything 

from personalized tutoring and grading to 

managing the heavy paperwork that often bogs 

down school systems. Essentially, AI in education 

falls into three buckets: supporting how teachers 

teach, helping administrators manage data, and 

making sure learning is accessible and inclusive for 

every student. Advanced tools like ChatGPT or 

Gemini are now acting as "force multipliers," giving 

teachers a much-needed extra set of hands in 

crowded classrooms by providing students with 

instant feedback and one-on-one attention. 

 

Socio-Technical Adoption Models 

Bringing AI into the classroom isn't just about 

handing out tablets; it’s a deeply human process 

shaped by how people feel and the environment 

they live in. When we look at why students and 

teachers actually choose to use these tools, two big 

factors stand out: "performance expectancy"—the 

simple belief that AI will actually help improve 

grades—and "facilitating conditions," which is the 

basic need for reliable power and technical support. 

Without these, even the smartest software stays on 

the shelf. 

 

Interestingly, research shows that in India, the "fun 

factor" is often more important than the technical 

specs. Factors like "hedonic motivation"—essentially, 

how much a student enjoys the experience—and 

gamification are what keep learners coming back. 

This tells us that for AI to work in rural areas, it 

shouldn't feel like a dry, clinical machine. Instead, we 

need to design interfaces that are engaging, 

interactive, and feel culturally familiar. To truly bridge 

the gap, the technology needs to speak the local 

language—both literally and figuratively—making 

the learning process feel less like a chore and more 

like an inviting, rewarding experience. 

 

The Rural Education Crisis in India: Statistical 

Overview 

The reality of rural infrastructure in India today 

presents a massive hurdle for modern, cloud-based 

AI. While we often talk about high-speed internet 

and seamless connectivity, the latest data from the 

ASER 2024 and UDISE+ reports paints a much more 

grounded picture of the challenges our rural 

government schools face every day. 
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Ultimately, the "Digital Divide" isn't just about who 

has a laptop and who doesn't; it’s about a 

"contextual misfit." Most educational software is 

built for English-speaking city kids with fast Wi-Fi 

and constant power. When you take those tools to a 

place like Bandipora in J&K—where only 60 out of 

850 schools even have a computer lab—the 

technology feels like a foreign object. If the AI 

doesn’t speak the local language or understand the 

local culture, it fails to connect with the learners who 

need it most. 

 

V. CRITICAL ANALYSIS OF NEP 2020 

AND NATIONAL STRATEGY FOR AI 

 
Policy Strengths and Philosophical Alignment 

The NEP 2020 is a breath of fresh air for many, widely 

praised for its bold attempt to steer the Indian 

classroom away from the old "memorize and repeat" 

habits that have defined education for generations. 

Instead of just filling heads with facts, the policy 

focuses on "learning how to think"—fostering the 

kind of mental flexibility children will need to thrive 

in a world shared with Artificial Intelligence. This 

vision is backed by NITI Aayog’s "AI for All" strategy, 

which treats education not just as a school subject 

but as a core pillar for making sure the entire country 

grows together. 

 

To turn these big ideas into reality, the government 

has launched several hands-on initiatives. Programs 

like "Responsible AI for Youth" and the "India AI 

Mission" show a serious, high-level commitment to 

making sure AI isn't just a luxury for the elite. One of 

the most important pieces of this puzzle is the 

National Educational Technology Forum (NETF). The 

goal of NETF is to shift power away from a "one-size-

fits-all" central command and give it back to states 

and local communities. This way, a school in a 

remote village can customize its tech tools to solve 

its own unique problems, making the digital 

revolution feel personal and local. 

 

Gaps and Implementation Failures 

While the vision for the future of Indian education is 

inspiring, there is a tough reality check when it 

comes to making it work in rural areas. Experts often 

talk about a massive "Implementation Gap": while 

city schools are becoming high-tech hubs, rural 

schools are often left stuck in time, battling 

crumbling buildings and a lack of community 

support. It’s not just about having a great plan; it’s 

about the very real, systemic walls that stand in the 

way of a village student and a digital future. 

 

 The Funding Problem: The NEP 2020 dreams of 

spending 6% of the country's GDP on education, 

but in reality, the budget has barely budged for 

years. Without that financial "muscle," rural 

schools simply can’t afford to fix their roofs, let 

alone pay for expensive AI software or hire tech 

experts. 

 The Language Barrier: Great platforms like 

DIKSHA exist, but they often feel built for English 

speakers or those in big cities. When resources 

don’t exist in local dialects or tribal languages, 

rural students feel left out. During the pandemic, 

only about 8% of rural kids could actually use 

online content—mostly because the language 

felt foreign to them. 

 Teacher Stress and Readiness: Even though there 

are training programs like NISHTHA, there’s a 

big difference between watching a video on AI 

and actually using it in a crowded classroom. 

Only about one in four teachers feels truly 

confident enough to bring AI into their daily 

teaching. 

 The "Rusting Lab" Syndrome: We’ve seen this 

before—a school gets a fancy new computer lab, 

but there’s no budget to fix a broken cable, or a 

crashed hard drive. Without local technicians, 

these expensive tools often turn into 

paperweights within just a few months. 

Even the national strategies from NITI Aayog tend to 

stay at a high level, skipping over the "how-to" for 

the people on the ground. This leaves local district 

officers in a tough spot, with a mandate to bring AI 

to schools but no clear roadmap or bank account to 

make it happen. 

 

VI. PROBLEM STATEMENT AND 

RESEARCH QUESTIONS 
 

Problem Statement 

The heart of the issue this research tackles is a simple 

but painful truth: the current plan for bringing 
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Artificial Intelligence into Indian schools isn't 

designed for the schools that need the most help. 

We are trying to build a digital future on a 

foundation that, in many villages, is still missing the 

basics. 

 

While the National Education Policy 2020 (NEP 2020) 

rightly insists that students must learn AI to survive 

in tomorrow's economy, it overlooks the "ground-

level" realities that define rural life. It’s hard to run a 

"cloud-based" classroom when the electricity goes 

out for hours or the internet signal is nonexistent. 

Furthermore, when the software only speaks English 

or Hindi, it creates a silent wall for millions of children 

who speak regional or tribal languages at home. 

 

Most AI strategies today are built for the "best-case 

scenario"—urban schools with high-speed Wi-Fi and 

updated hardware. By relying on these city-centric 

models, we risk turning a tool that should be a great 

equalizer into a wedge that drives the gap between 

the rich and the poor even wider. This research seeks 

to find a "middle path"—a localized framework that 

works offline, speaks the local language, and ensures 

that a child in a remote village isn't left behind while 

the rest of the world moves into the AI era. 

 

Research Questions 

 How do the existing infrastructural and socio-

economic constraints of rural Indian government 

schools impede the realization of the AI-centric 

goals outlined in NEP 2020? 

 To what extent does the current cloud-

dependent AI model fail to address the needs of 

low-bandwidth, linguistically diverse rural 

classrooms? 

 What are the core components of a "localized 

framework" that can leverage offline AI, edge 

computing, and vernacular support to bridge the 

rural-urban digital divide? 

   How can teacher-AI collaboration models be 

redesigned to support educators in multigrade, 

multi-level rural settings without increasing their 

administrative burden or job insecurity? 

 What policy reforms and funding mechanisms 

are necessary to ensure the long-term 

sustainability and maintenance of AI 

infrastructure in underserved districts? 

VII. THE LOCALIZED FRAMEWORK FOR 

AI IMPLEMENTATION 
 

At its heart, this thesis is a call for a more resilient, 

"bottom-up" way of bringing AI into rural schools. 

We are moving past the high-level, "one-size-fits-all" 

advice of the NEP 2020 and focusing on what 

actually works when the power is out and the 

internet is down. Instead of waiting for the perfect 

conditions that might never come, this framework 

offers a survival guide for technology in the real 

world—providing practical, localized solutions for 

the classrooms that the digital revolution has so far 

left behind. 

 

By shifting our focus from giant, centralized cloud 

systems to small, decentralized hubs, we can create 

an ecosystem that doesn't just survive in resource-

strapped environments—it thrives in them. This isn't 

just about software; it’s about making sure the future 

of learning is as sturdy and adaptable as the 

communities it serves. 

 

Pillar 1: Infrastructure Resilience and Edge 

Computing 

Because rural schools often deal with unpredictable 

power and patchy internet, this framework tosses 

out the old "cloud-only" rulebook. Instead of waiting 

for high-speed fiber that might take years to arrive, 

we are prioritizing "Offline-First" technology. 

 

By using Edge Computing, we bring the "brain" of 

the AI directly into the classroom. This means the 

technology stays smart even when the connection is 

dead, allowing students to keep learning without a 

single loading icon. 

 

We are essentially using a "late-mover’s advantage." 

Because AI models are getting smaller and more 

efficient every day, we can now run powerful open-

source systems on very modest hardware. Imagine a 

student in a remote village being able to ask a 

question in their local language and getting an 

instant, personalized answer from an AI tutor—all 

without needing a data plan or a cell tower in sight. 
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Pillar 2: Localized and Multilingual Pedagogy 

To make sure no child feels like a stranger in their 

own classroom, this framework tackles the 

"language wall" head-on. It’s not just about 

translating English textbooks into local languages—

which often feels stiff and unnatural—but about 

using AI to create lessons that actually feel like home. 

By tapping into projects like Bhashini or AI4Bharat, 

we can use AI to weave local stories, familiar 

traditions, and culturally relevant examples into 

every lesson. 

 Speaking the Local Tongue: Imagine a tribal 

school in Odisha where STEM subjects aren't 

taught through generic examples, but through 

stories in Odia or Santhal. By integrating local 

folk culture into science and math, we make 

complex subjects feel relatable and exciting 

rather than foreign and intimidating. 

 A "Voice-First" Approach: For younger kids who 

are still learning to read and write, a keyboard 

can be a huge barrier. Voice-based AI changes 

the game—it allows a child to simply ask a 

question out loud in their native dialect and hear 

a helpful answer back. It turns a screen into a 

conversation partner. 

 Fixing the Basics First: We have to be honest 

about the starting line. Many students struggle 

with basic reading and writing, which is a 

massive bottleneck for any advanced learning. 

Before we teach a child to "code," the AI acts as 

a patient reading tutor, providing personalized 

exercises that build foundational literacy. Once a 

child can read with confidence, the AI then helps 

them bridge the gap to more advanced digital 

skills. 

 

Pillar 3: Human-Centric Teacher Empowerment 

This framework completely rejects the scary idea that 

"AI is here to replace teachers." Instead, it treats 

technology as a co-teacher—a digital assistant 

designed to take the heavy lifting off a teacher's 

shoulders so they can focus on what they do best: 

being a mentor. In rural schools, where one teacher 

might be managing a hundred students, this support 

is a game-changer. 

 

 

 

Empowering the Human Element 

 Lifting the Paperwork Burden: We use AI to 

automate the "boring stuff"—grading, 

attendance, and basic lesson planning. When a 

teacher isn't buried under a mountain of 

paperwork, they finally have the time and energy 

to provide the emotional intelligence and one-

on-one encouragement that rural students so 

desperately need. 

 Creating Local Tech Heroes: To stop the 

"maintenance gap" where equipment sits 

broken for months, we’re proposing a "Tech 

Sub-Leader" program. We’ll train bright student 

leaders and local community volunteers to be 

the first responders for technical issues. This 

turns the community into the guardians of their 

own digital future. 

 Redefining Training (NISHTHA 2.0): We’re 

moving away from dry training sessions that just 

show which buttons to click. The new focus is on 

"Digital Pedagogy." We want to equip teachers 

to be ethical guides, helping them understand 

how to use AI responsibly and how to teach their 

students to do the same. 

By making the technology invisible and the teacher 

more visible, we ensure that the classroom remains 

a deeply human place, supported—not dominated—

by smart tools. 

 

VIII. ETHICAL, LEGAL, AND SOCIO-

ECONOMIC IMPLICATIONS 

 

Data Privacy and the Privacy Paradox 

When we bring AI into rural communities, we run 

into a tricky "Privacy Paradox." Most people are 

naturally worried about their personal information 

being misused, yet very few—less than 30% of 

students—actually know their legal rights or how 

data is tracked. In many villages, families might not 

even realize that their digital interactions are being 

stored or sold. Because of this, the framework 

doesn't just treat privacy as a "check-box"—it treats 

it as a sacred trust. 

 

By building these protections directly into the local 

school system, we ensure that AI remains a safe tool 

for growth, not a source of exploitation. 
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Intellectual Property and Accountability 

 In the legal world, AI in India is still a bit of a "Wild 

West"—the rules are not yet well-defined. This 

creates a lot of tough questions: If a chatbot gives a 

student a wrong answer that leads to a mistake, who 

is responsible? Can AI-generated feedback be used 

as official school evidence? Because the law hasn't 

caught up with the technology yet, we can't just 

leave the machines in charge. 

 

To protect both students and schools, our 

framework insists on a "Human-in-the-Loop" model. 

This means that while the AI can help gather data or 

suggest grades, the teacher always has the final 

word. By keeping a human at the center of every 

important decision, we make sure that empathy, 

common sense, and professional accountability 

remain the heart of the classroom. Even as the 

technology evolves, the authority—and the 

responsibility—stays right where it belongs: with the 

educator. 

 

Socio-Economic Impact and the Workforce 

Looking at the bigger picture, ignoring AI in our rural 

schools isn't just an educational mistake—it’s a 

massive economic one. Experts predict that AI could 

boost India's economy by a staggering $957 billion 

by 2035. But for that wealth to reach everyone, we 

have to manage this transition with a heart. We can’t 

just let the digital revolution happen to the cities 

while the countryside is left behind. 

 

The NITI Aayog's "Digital Shamet" roadmap 

envisions a future where AI acts as a "social 

equalizer." It’s designed to lift the informal sector 

and rural workers through digital inclusion rather 

than leaving them in the dust. For a student in a 

remote village, this means AI education has to be 

more than just a hobby. They need to master "future 

skills" like data literacy and prompt engineering. 

 

If we don't provide these tools now, we risk a future 

where rural youth are marginalized as their 

traditional jobs become automated. By teaching 

them to work with AI today, we ensure they aren't 

just spectators of the new economy, but the very 

people driving it forward. 

 

IX. EXPECTED OUTCOMES AND POLICY 

RECOMMENDATIONS 
 

Anticipated Outcomes of the Framework 

When we look at the actual impact of this localized 

approach, the results aren't just theoretical—they 

change lives and classrooms in very measurable 

ways. By moving away from high-tech "city" models 

and embracing what works on the ground, we see a 

transformation across four key areas: 

 

 Smarter Learning, Faster: Real-world trials, like 

the one in Karnataka, have shown that when 

students use offline, localized AI tools, their 

understanding of subjects can jump by as much 

as 38%. It turns out that when the tech is easy to 

use and speaks your language, you learn a lot 

faster. 

 Giving Teachers Their Time Back: We can’t 

expect teachers to be mentors if they are 

drowning in paperwork. By letting AI handle the 

"busy work"—like grading and attendance—we 

can cut a teacher's administrative burden by 30-

40%. That’s hours of every week given back to 

the teacher, actually, to talk to, guide, and inspire 

their students. 

 Fairness for Every District: This framework is 

designed to close the "Digital Equity Gap." By 

focusing on tools that don't need fancy Wi-Fi, we 

make sure a student in an "Aspirational District" 

(a high-priority rural area) gets the same high-

quality, personalized tutoring that a student in a 

private city school enjoys. 

 Building Things That Last: We’ve all seen 

expensive computer labs gather dust because no 

one could fix a broken wire. Our decentralized 

maintenance plan and "marketplace" model 

ensure that equipment is cared for by the local 

community. This means the government’s 

investment doesn't just "rot" away; it stays 

functional and useful for years. 

 

Strategic Policy Recommendations: 

 To wrap everything up, we need to turn these high-

level ideas into a practical "to-do list" for the people 

in charge. This isn't just about policy; it’s about 

making the system work for the village, not just the 

city. 
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A Roadmap for Rural AI Success 

 Investing Where it’s Needed Most: We need to 

move past the dream of "high-speed broadband 

for everyone" and focus on what’s needed right 

now. This means prioritizing solar-powered, 

offline hardware for schools that don’t have 

reliable electricity. Let’s build "digital islands" 

that can function perfectly even when the rest of 

the grid is down. 

 Making AI Speak the Local Language: The India 

AI Mission should set aside specific grants for 

"Vernacular AI." Instead of generic translations, 

we need tools that understand the unique slang, 

stories, and cultural nuances of places like 

Bandipora or the tribal heartlands of Odisha. This 

turns technology into a local friend rather than a 

foreign stranger. 

 Giving Power Back to the Districts: Centralized 

planning often fails because it’s too far away to 

see the problems. We should empower District 

Education Officers with their own maintenance 

budgets and local tech teams. If a computer 

breaks in a village school, the fix should come 

from the district office, not a headquarters 

hundreds of kilometers away. 

 AI for the Real World: The upcoming 2026 

curriculum shouldn't just be about "coding" for 

a software job. For rural students, AI should be a 

tool for solving local problems. Imagine a 

curriculum where kids use AI to predict crop 

health in agriculture, assist with health 

screenings in their village, or manage local trade. 

This makes the technology immediately useful to 

their families and communities. 

 Winning Over the Parents: We can't forget the 

families. To bridge the gap of "parental 

skepticism," the government should partner with 

NGOs to run "AI for Parents" workshops. When 

a mother or father sees how AI can safely help 

their child get a better education without 

replacing the teacher, they become the 

technology's biggest supporters. 

 

Expected Outcomes and Policy 

Recommendations: 

Anticipated Outcomes 

When we talk about the success of this project, we 

are looking at real, human changes that make the 

classroom a better place for everyone. It isn't just 

about the technology; it’s about the results it brings 

to the students and teachers who need it most. 

 

The Triple Win for Rural Schools 

 Democratizing Equity: Every child, no matter 

how remote their village, deserves a high-quality 

education. This framework brings personalized 

tutoring to "Aspirational Districts," ensuring that 

a student in a mountain village gets the same 

level of individual attention as a student in a 

high-end city school. It’s about making "fairness" 

a reality. 

 Boosting Teacher Efficiency: Teachers are the 

heartbeat of the school, but they are often 

exhausted by paperwork. By automating the 

"boring" administrative tasks, we can cut their 

workload by 30-40%. This gives them their time 

back to do what they love: mentoring students 

and leading their classrooms with energy. 

 Supercharging Student Engagement: When 

learning feels like a conversation and uses 

examples from local life, students stay 

interested. We aim to see STEM and 

computational thinking scores rise by 40-50%. 

By making science and math interactive and 

relatable, we aren't just teaching subjects—we’re 

sparking curiosity in the next generation of 

Indian innovators. 

 

Strategic Recommendations 

 To make this vision a reality, we have to move away 

from "one-size-fits-all" policies and focus on the 

practical, everyday needs of a rural school. It’s about 

building a system that is as rugged and adaptable as 

the people it serves. 

 

A Practical Path Forward 

 Building for the Real World (Localized 

Infrastructure): We need to stop waiting for 

perfect fiber-optic cables to reach every village. 

Instead, the priority should be "rugged 

hardware"—solar-powered servers and devices 

that don't need a steady power grid or a 

constant internet connection to work. We should 

be building classrooms that are "always on," 

even when the village is "off-line." 
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 Speaking the Local Language (Vernacular 

SLMs): Instead of massive, generic AI models 

that live in the cloud, we should use grants from 

the India AI Mission to build "District-Level Small 

Language Models" (SLMs). These are leaner, 

faster AI systems designed to run on local 

hardware and speak the specific dialects of the 

region, making the technology feel like a local 

neighbor rather than a distant stranger. 

 Fixing Problems Locally (District-Level 

Maintenance): A broken screen or a crashed 

server shouldn't mean the end of a school's 

digital journey. We need to empower District 

Education Officers with their own "rapid 

response" tech teams and dedicated repair 

budgets. When technical support is just a short 

bike ride away rather than a long-distance call to 

a capital city, the technology actually stays 

functional. 

 Training for Real Jobs (Industry-Academia 

Integration): We want to ensure that rural 

students aren't just learning "theory." By aligning 

with the India AI Talent Mission, we can create 

direct links between village classrooms and the 

tech industry. This means rural youth receive 

training that is actually in demand, giving them 

a clear path from their local school to a high-

value career in the digital economy. 

 

X. CONCLUSION 
 

The National Education Policy 2020 is a bold promise 

for India’s future, but a plan on paper only matters if 

it changes life on the ground—especially in the 

villages that have been waiting the longest for a 

breakthrough. Right now, the AI revolution is mostly 

happening in shiny city offices and well-funded 

private schools. If we aren't careful, we’re just 

building a new kind of "Digital Wall" that keeps rural 

students on the outside looking in. The localized 

framework proposed here is about tearing that wall 

down. By focusing on edge computing (tech that 

works without internet), resilient infrastructure (tools 

that don't quit when the power does), and teacher 

empowerment, we are creating a path that actually 

fits the reality of rural India. It’s about moving away 

from "fancy but fragile" tech and toward "rugged 

and reliable" solutions. When we solve the problems 

of patchy connectivity, language barriers, and power 

cuts, we do more than just install computers. We 

create an ecosystem where technology makes the 

teacher’s job easier and the student’s dreams bigger. 

This is how we fulfill the true promise of "AI for All." 

The next ten years will tell the story of India's future. 

We have a choice: will AI be the "Great Leveler" that 

closes the gap between the rich and the poor, or will 

it be a "Deepener of the Divide"? By choosing a 

context-aware, human-centered approach, we can 

make sure that the millions of children in rural 

government schools aren't just watching the digital 

revolution from the sidelines—they’ll be the ones 

leading it. 

 

XI. REFERENCES AND BIBLIOGRAPHY 
 

Research Papers and Academic Articles 

 Roy, S., Gupta, V., & Ray, S. (2023). Adoption of 

AI Chat Bot like Chat GPT in Higher Education in 

India: a SEM Analysis Approach. Economic 

Environment, 46, 130-149. 

 Kouser, S., & Shoket, M. (2025). ChatGPT in 

Education: Transforming Learning with AI. 

Horizons of Holistic Education, 12(2), 217-224. 

 Goyal, H., et al. (2025). The Impact of Large 

Language Models on K-12  Education in Rural 

India: A Thematic Analysis of Student Volunteers' 

Perspectives. arXiv:2505.03163. 

 Raksha, H. B., & Sharath, M. N. (2025). AI-

Powered Microlearning for Rural Education in 

Low-Bandwidth Areas. ResearchGate Publication 

394605975. 

 Tripathi, A., Yadav, V., & Kumar, S. (2025). 

Leveraging Artificial Intelligence for  Rural 

Education: A Systematic Review of Transforming 

Learning Opportunities  and Bridging the Urban-

Rural Divide. Preprints.org   

doi:10.20944/preprints202504.0598.v1. 

 Bankar, D., et al. (2025). Impact of AI in the Indian 

Education System. SSRN Publication 5219491. 

 Jaiswal, P. (2023). The Role of AI Generative (Chat 

GPT) in the Education Sector: Boon or Bane. 

Indian Journal of Integrated Research in Law, 

3(3). 

 Siddiq, I., et al. (2024). Artificial Intelligence in 

Rural Education Systems of India: Challenges 

and Opportunities. CAPDR Publication. 



 Jyoti, International Journal of Science, Engineering and Technology, 

 2026, 14:4 

 

11 

 

 

Books and Handbooks 

 Khandekar, S. R., Sarkar, B. K., & Singh, R. (2024). 

Artificial Intelligence in the New Education Policy 

NEP 2024 Perspective. GEH Press.  

 Johnson, J. D., & Harmon, H. L. (Eds.). (2025). 

Handbook on Rural and Remote Education. 

Edward Elgar Publishing. 

 Central Square Foundation. (2025). AI Samarth: 

AI Literacy Curriculum Framework for Students 

and Teachers. CSF Publications. 

 CBSE. (2025). Artificial Intelligence: Student 

Handbook for Class XI. Central Board of 

Secondary Education. 

 Bowen, J. A., & Watson, C. E. (2025). Teaching 

with AI: A Practical Guide to a New Era of Human 

Learning. Johns Hopkins University Press. 

 

Government Reports and Policy Documents 

 Ministry of Education. (2020). National Education 

Policy 2020. Government of India. 

 NITI Aayog. (2018). National Strategy for 

Artificial Intelligence: #AIforAll.   Government of 

India. 

 ASER Centre. (2025). Annual Status of Education 

Report (ASER) 2024.  Pratham Education 

Foundation. 

 Ministry of Education. (2024). UDISE+ 2023-24 

School Infrastructure Report. Government of 

India. 

 NITI Aayog. (2025). Roadmap on AI for Inclusive 

Societal Development.  Government of India.  

 

 


