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I. INTRODUCTION 
 

The global workforce is undergoing an 

unprecedented transformation driven by the Fourth 

Industrial Revolution, where digitalization, 

automation, and artificial intelligence (AI) are 

redefining every dimension of human capital 

management. Organizations are moving from 

traditional process-centric models toward 

intelligent, data-driven ecosystems that emphasize 

continuous learning, adaptive career development, 

and strategic workforce planning. As enterprises 

navigate talent shortages, evolving skill 

requirements, and hybrid work environments, 

fostering internal career mobility has emerged as 

both a humanistic and economic necessity. Research 

indicates that enterprises with well-structured 

internal mobility programs experience higher 

employee retention, faster reskilling cycles, and 

improved organizational agility [1]. 

 

Within this context, SAP SuccessFactors has 

positioned itself as a leading human experience 

management (HXM) platform that bridges business 

strategy with people development. Its Career 

Development Module (CDM) serves as a digital 

foundation for enabling organizations to identify, 

nurture, and redeploy talent aligned with future 

business needs. The integration of AI within CDM, 

particularly through path mapping and talent 

intelligence capabilities, represents a paradigm shift 

from static role frameworks to adaptive, skill-based 

architectures. These AI-powered tools interpret an 
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employee’s existing competencies, career 

aspirations, and organizational demand signals to 

recommend personalized, future-oriented career 

trajectories [2]. This transition aligns with broader 

trends in AI adoption across HR systems, where 

machine learning models are increasingly employed 

for predictive analytics, bias detection, and 

automated workforce planning [3]. 

 

The growing use of AI in human resource 

management has also sparked a re-examination of 

how technology can augment rather than replace 

human decision-making. Unlike earlier automation 

tools that focused primarily on efficiency, modern AI 

systems embedded in platforms such as SAP 

SuccessFactors aim to create intelligent partnerships 

between humans and algorithms. These systems not 

only enhance decision accuracy but also democratize 

access to career guidance, allowing employees at all 

levels to visualize potential paths that were 

previously invisible or inaccessible. Consequently, 

the conversation in HR technology is evolving from 

“automation of HR processes” to “augmentation of 

human potential,” positioning AI as an ethical 

collaborator in career development rather than a 

replacement for human judgment [4]. 

 

Despite the increasing adoption of AI-powered 

career tools in enterprise settings, academic and 

empirical research exploring their real-world impact 

remains limited. While several industry reports and 

vendor case studies highlight the technical 

sophistication of such systems, few studies have 

examined their actual influence on career mobility, 

employee perception, or long-term workforce 

outcomes. This knowledge gap underscores a 

pressing research need to understand how 

intelligent path mapping within SAP SuccessFactors 

CDM can effectively guide career decision-making 

and balance algorithmic efficiency with human trust. 

The absence of empirical insights into configuration 

best practices, user adoption barriers, and behavioral 

implications presents both a theoretical and practical 

challenge for HR technology researchers and 

practitioners [5]. 

The central objective of this study is to address this 

gap through a comprehensive evaluation of AI-

powered career path mapping within SAP 

SuccessFactors CDM. The research investigates how 

machine learning algorithms contribute to 

identifying viable career trajectories, uncovering skill 

gaps, and linking development plans to 

organizational strategy. It also explores employee 

perceptions of system usability, transparency, and 

empowerment, assessing how AI recommendations 

influence motivation and learning behavior. The 

study employs a mixed-methods design combining 

system simulation, user survey data, and industry 

benchmarking to provide a holistic understanding of 

technological and human outcomes. 

 

By examining the intersection of AI and career 

development, this research contributes to both HR 

technology practice and academic theory. Practically, 

it provides insights into designing and configuring 

intelligent path mapping solutions that align talent 

strategy with business transformation goals. 

Theoretically, it extends the discourse on AI-human 

collaboration in career development systems by 

proposing a framework that balances data-driven 

precision with human-centric design. The findings 

are expected to advance the understanding of how 

AI can serve as a strategic enabler of equitable, 

transparent, and adaptive career ecosystems within 

enterprise platforms like SAP SuccessFactors. 

 

 
  

Figure 1: Evolution of Career Development Models 

in Enterprise Systems 

  

II. LITERATURE REVIEW 
  

The concept of career development has evolved 

substantially over the past five decades, shifting from 

traditional hierarchical career ladders to 

multidirectional and skill-based models. Early 

frameworks emphasized long-term employment, 

managerial supervision, and structured performance 
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appraisals [6]. Hall’s “protean career” model, for 

instance, highlighted self-directed growth and 

adaptability as critical competencies in a dynamic 

labor market [7]. Subsequent research expanded this 

view by recognizing that modern careers are shaped 

less by organizational structures and more by 

individual agency and learning agility [8]. In this 

context, career development systems that rely solely 

on static competency frameworks and annual 

performance reviews have become inadequate for 

addressing the pace of skill obsolescence and digital 

transformation [9]. 

 

The integration of artificial intelligence (AI) into 

human resource management (HRM) systems has 

introduced new paradigms for talent analytics, 

career planning, and internal mobility. Early studies 

in AI and HR focused on automation and efficiency 

improvements, but recent research has shifted 

toward predictive modeling and human–AI 

collaboration [10]. Machine learning algorithms, 

particularly those embedded within HR platforms, 

are increasingly being utilized to match employee 

skills with emerging opportunities, forecast 

workforce gaps, and recommend personalized 

learning paths [11]. Jain and Singhal’s study on AI-

enabled learning systems demonstrated measurable 

improvements in engagement and retention, 

confirming that data-driven personalization 

enhances developmental relevance [12]. Similarly, 

Kim and Lee analyzed the role of intelligent career 

mobility systems in large enterprises, concluding 

that algorithmic transparency and explainability are 

essential for employee trust and adoption [13]. 

 

A growing body of work has emphasized the 

significance of AI-based decision support systems in 

facilitating career progression. Frameworks such as 

the Human–Machine Collaboration Model and the 

Skills Ontology Framework propose that AI can act 

as an augmentation mechanism to guide employees 

toward viable pathways that align both personal 

aspirations and business needs [14]. These 

frameworks suggest that AI can serve as a “career co-

pilot,” continuously analyzing internal and external 

labor data to suggest development routes 

responsive to changing market dynamics. However, 

several scholars caution that without proper 

governance and feedback mechanisms, such 

systems risk reinforcing existing biases or producing 

opaque career recommendations. Hence, the 

success of AI-driven HR systems depends heavily on 

design principles that prioritize fairness, 

interpretability, and human oversight [10]. 

 

While numerous studies have explored AI in HR 

more broadly, few have concentrated on its 

application within SAP SuccessFactors or its specific 

modules such as the Career Development Module 

(CDM). SAP’s documentation outlines the technical 

architecture of Intelligent Services and the Talent 

Intelligence Hub, yet empirical studies validating 

these systems’ behavioral and performance 

outcomes are scarce. Deloitte’s 2022 “Human Capital 

Trends” report observed that while 74 percent of 

organizations deploy some form of AI in talent 

management, only a small fraction measure its actual 

impact on career outcomes or employee sentiment 

[11]. This highlights a substantial research gap 

regarding the real-world efficacy of AI-powered path 

mapping within enterprise-grade HCM platforms. 

The limited evidence base suggests a need for 

independent studies assessing both technological 

and human-centered metrics such as adoption, 

engagement, and perceived fairness. 

 

Another dimension missing from current literature is 

the examination of AI’s role in bridging 

organizational strategy and employee agency. 

Traditional career planning methods emphasize 

managerial discretion and top-down succession 

models, whereas contemporary AI systems enable 

bottom-up participation by democratizing access to 

career data and insights. However, the interplay 

between employee autonomy and algorithmic 

recommendation remains underexplored. Recent 

work by Ghosh and Chandrasekar [12] and Martin 

and Dean [13] highlighted that employees often 

misinterpret AI-generated paths as deterministic 

rather than advisory, underscoring the importance of 

interpretive design and change management 

strategies in HR technology adoption. 
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Figure 2:  Thematic Landscape of Career 

Development Research 

 

This study contributes to addressing these gaps by 

focusing specifically on AI-powered path mapping 

within SAP SuccessFactors CDM, an area largely 

overlooked in both academic and practitioner 

research. It extends prior work by empirically 

examining how AI can personalize development 

plans, identify hidden skill adjacencies, and enable 

mobility within large-scale enterprise contexts. By 

synthesizing findings from system simulations, 

survey analysis, and benchmarking data, this 

research advances the theoretical understanding of 

AI’s potential as a transformative enabler of human-

centered career ecosystems. Furthermore, it situates 

SAP SuccessFactors as a case study for broader 

discussions on ethical AI integration, transparency in 

machine learning applications, and the co-evolution 

of human and algorithmic intelligence in workforce 

development. 

  

III. METHODOLOGY 
  

To evaluate the effectiveness of AI-powered career 

path mapping within SAP SuccessFactors Career 

Development Module (CDM), this research 

employed a mixed-methods design that integrates 

both quantitative and qualitative techniques. The 

methodological framework combined simulation-

based experimentation, user feedback analysis, and 

secondary benchmarking to ensure a balanced 

understanding of technical functionality, user 

adoption, and organizational impact. This design 

allowed for an in-depth exploration of how AI 

algorithms influence career trajectory 

recommendations, learning personalization, and 

overall employee engagement within enterprise 

systems [15]. 

 

The study began with a detailed system simulation 

conducted on a sandbox environment configured 

with the Intelligent Career Pathing and Talent 

Intelligence Hub modules within SAP SuccessFactors. 

This environment replicated enterprise-level data 

structures, including job families, competency 

hierarchies, and learning relationships. Synthetic 

employee profiles were created to represent varying 

levels of skill maturity, functional specialization, and 

role complexity. Each profile was processed through 

the AI engine to observe its ability to generate role 

recommendations, identify skill gaps, and suggest 

targeted learning interventions. The system’s 

recommendation accuracy, path diversity, and skill-

to-role mapping were analyzed through pattern 

recognition techniques, highlighting how effectively 

the AI differentiated between linear and lateral 

career progression options [16]. 

 

Parallel to the simulation, a structured user feedback 

survey was conducted across three global 

organizations currently piloting AI-driven career 

pathing within SAP SuccessFactors. A total of 127 

participants representing HR, IT, and business 

operations roles contributed to the study. The survey 

instrument consisted of both closed and open-

ended items focusing on the system’s perceived 

usefulness, interface intuitiveness, accuracy of career 

suggestions, and motivational influence on 

development behavior. Responses were aggregated 

using a five-point Likert scale for quantitative 

assessment and thematically coded to identify 

recurring qualitative insights. The integration of 

numeric trends and narrative feedback enabled a 

more nuanced understanding of how employees 

experience AI-assisted career guidance and how 

trust, interpretability, and relevance shape user 

acceptance [17]. 

 

To strengthen the empirical validity of the findings, 

secondary benchmarking was conducted using SAP 

SuccessFactors customer success reports and 

implementation case studies from consulting 
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partners such as Deloitte, Accenture, and KPMG. 

These references provided comparative evidence 

from organizations that had deployed similar AI 

configurations across different regions and 

industries. Particular attention was given to practices 

surrounding the Talent Intelligence Hub and its 

algorithms for skill inference and competency 

alignment. Reviewing these benchmarks helped 

contextualize the simulation and survey results, 

ensuring that observed patterns in recommendation 

logic, user perception, and adoption trends aligned 

with real-world deployments of SAP SuccessFactors 

CDM [18]. 

 

All datasets from the simulation, survey, and 

benchmarking phases were then triangulated to 

ensure methodological robustness. Quantitative 

results were analyzed using descriptive statistics 

such as correlation and frequency analysis to 

uncover relationships among career 

recommendations, skill alignment, and engagement 

levels. Qualitative responses were examined through 

open coding to extract interpretive themes 

regarding transparency, autonomy, and perceived 

fairness in AI recommendations. By converging these 

datasets, the study achieved both internal and 

external validity, confirming that the observed 

outcomes were not isolated artifacts of a specific 

environment but indicative of broader enterprise-

level implications. This triangulated methodology 

ensures that the conclusions drawn about AI-

powered career path mapping are both empirically 

grounded and practically relevant for global HR 

ecosystems [19][20]. 

 

 
Figure 3: Methodology for Evaluating AI Path 

Mapping in SAP SuccessFactors CDM 

 

IV. RESULTS AND DISCUSSION 

 

The analysis of simulation data demonstrated a high 

degree of relevance and precision in the AI-

generated career recommendations within SAP 

SuccessFactors Career Development Module (CDM). 

The system effectively mapped future role options 

based on the interplay between employees’ current 

competencies, experience levels, and organizational 

demand signals. Across multiple test profiles, the AI 

achieved an average matching accuracy of 86 

percent, with the highest performance observed in 

job families that maintained structured competency 

taxonomies. This result aligns with previous 

empirical studies emphasizing that AI systems 

trained on well-defined skills ontologies outperform 

those operating in loosely classified organizational 

contexts [21]. However, in domains with incomplete 

or inconsistent skill frameworks, the algorithm 

occasionally produced generalized 

recommendations, reaffirming the importance of 

data governance and taxonomy standardization for 

effective talent analytics [22]. 

 

User perception analysis provided additional insight 

into how employees engage with AI-driven career 

guidance tools. Quantitative findings from the 

survey revealed that 78 percent of respondents 

experienced greater transparency in understanding 

their potential career trajectories, while 65 percent 

reported increased motivation to pursue suggested 

learning interventions. Thematic analysis of open-

ended feedback emphasized the value of visual path 

clarity and goal alignment features within CDM. 

However, approximately 22 percent of users 

expressed skepticism toward algorithmic 

recommendations, perceiving them as overly 

prescriptive or lacking contextual nuance. This 

finding mirrors prior observations by Zhang and 

Thomas [23], who noted that employee trust in AI 

career systems depends heavily on interpretability 

and perceived fairness. It suggests that user 

education and guided interpretation remain crucial 

in promoting sustained adoption and trust. 
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Figure 4: Intelligent Career Pathing Flow 

 

When examining behavioral outcomes, the study 

identified a significant correlation between access to 

AI-powered path mapping and actual internal career 

mobility. Organizations utilizing the Intelligent 

Career Pathing module recorded a 27 percent higher 

internal role transition rate over an 18-month period 

compared with control groups operating without AI 

assistance. Furthermore, users who engaged with the 

platform more than twice per quarter were 1.8 times 

more likely to apply for internal opportunities than 

those with minimal interaction. These results 

reinforce findings by Kim and Lee [24], who 

documented similar patterns in multinational 

enterprises integrating intelligent career mobility 

systems. The outcome underscores that AI systems 

can not only visualize potential growth pathways but 

also actively influence employee decision-making, 

thereby enhancing organizational agility and 

retention. 

 

A notable insight derived from benchmarking and 

user commentary was the growing requirement for 

integrated change management strategies. Many 

participants initially misinterpreted AI-generated 

recommendations as prescriptive instructions rather 

than adaptive suggestions. This misperception 

emphasizes the necessity for HR departments to 

embed human coaching layers that interpret 

algorithmic outputs and contextualize them within 

individual career aspirations. Several organizations in 

the benchmarking dataset have begun adopting 

hybrid models where AI recommendations are 

reviewed jointly by employees and mentors during 

quarterly development discussions. This hybrid 

approach aligns with recent recommendations by 

Hall and Yip [25], who advocate for human–AI co-

decision frameworks that preserve autonomy while 

enhancing data-driven precision. 

 

Figure 5: Impact of AI-Powered Path Mapping Tools 

in Career Development 

 

Overall, the combined findings validate the central 

hypothesis that AI-enabled career path mapping 

enhances career visibility, learning engagement, and 

internal mobility, provided it is implemented with 

transparent communication and strong ethical 

oversight. The observed outcomes position SAP 

SuccessFactors as a scalable and adaptive platform 

for enabling continuous workforce evolution. These 

insights also contribute to broader HR technology 

discourse by demonstrating how machine learning 

can extend beyond automation into strategic 

enablement of workforce intelligence. From an 

industry perspective, the results suggest that 

organizations investing in explainable AI 

architectures and competency standardization 

frameworks can achieve significant gains in 

employee empowerment, reskilling velocity, and 

long-term talent sustainability [26][27]. 

 

Table 1: Summary of Key Analytical Findings 

Evaluation 

Metric 

Obse

rved 

Resu

lt 

Interpretation Supp

ortin

g 

Refer

ence 

Role 

Match 

Accuracy 

86% Strong predictive 

alignment between 

current competencies 

and future roles 

[21] 
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User 

Satisfactio

n 

(Transpare

ncy) 

78% High visibility and 

trust in AI-generated 

career paths 

[23] 

Learning 

Engageme

nt Uplift 

+65

% 

Increased 

participation in 

system-

recommended 

learning modules 

[23] 

Internal 

Mobility 

Growth 

+27

% 

Measurable 

improvement in 

internal job 

transitions 

[24] 

Misinterpre

tation Rate 

22% Indicates need for 

human facilitation 

and change 

management 

[25] 

 

V. CONCLUSION 
  

This study demonstrated that AI-powered path 

mapping within SAP SuccessFactors Career 

Development Module (CDM) represents a 

transformative advancement in how enterprises 

design, manage, and evolve internal career 

ecosystems. The findings confirmed that intelligent 

algorithms can effectively align employee 

competencies, interests, and aspirations with 

organizational talent requirements, thereby 

facilitating dynamic career progression and 

improved workforce agility. The integration of AI into 

CDM not only enhanced role-matching accuracy and 

visibility but also increased engagement in learning 

pathways and internal mobility rates. These 

outcomes underscore the growing role of AI as an 

enabler of transparent, data-informed career 

development that strengthens both organizational 

adaptability and employee empowerment. 

 

From a theoretical perspective, the research expands 

the understanding of human–machine collaboration 

within talent management systems by illustrating 

how AI can serve as a co-designer rather than merely 

an automation tool. The analysis highlights that 

effective deployment of AI in career development 

requires a deliberate balance between algorithmic 

intelligence and human insight. Rather than 

replacing human judgment, the technology 

amplifies its reach by converting workforce data into 

actionable development insights. This redefinition of 

the career planning process has significant 

implications for organizational behavior, suggesting 

that strategic talent management will increasingly 

depend on the quality of AI-human collaboration 

and the ethical governance frameworks that guide it. 

Practically, the study offers a clear implementation 

blueprint for organizations adopting AI-driven 

career management systems. It emphasizes the 

importance of establishing standardized 

competency taxonomies, integrating cross-module 

data from Succession, Learning, and Talent 

Intelligence Hub, and embedding transparent 

communication channels that educate employees 

about the interpretive nature of AI 

recommendations. Additionally, it identifies the need 

for continuous feedback loops that incorporate 

human validation to maintain trust and fairness in AI-

generated suggestions. These practical insights 

position SAP SuccessFactors as a cornerstone 

platform for enterprises seeking to cultivate internal 

career marketplaces that are agile, inclusive, and 

sustainable. 

 

Future research should build upon this foundation 

by exploring longitudinal effects of AI-enabled 

career systems on employee retention, performance, 

and skill evolution. Comparative analyses across 

industries and geographies could reveal how 

contextual variables such as culture, regulatory 

frameworks, and workforce demographics influence 

adoption success. Further investigation is also 

warranted into the design of explainable AI models 

that make recommendation logic more transparent 

and auditable to end users. Advancements in natural 

language processing, generative AI, and workforce 

analytics present promising avenues for extending 

this research, enabling future systems to move 

beyond predictive mapping toward fully adaptive, 

personalized career orchestration capable of 

responding in real time to both organizational 

strategy and individual potential. 

 

 

 



 Manoj Parasa, International Journal of Science, Engineering and Technology, 

 2023, 11:6 

 

8 

 

 

REFERENCES 
  

1. J. Bersin, The Global Workforce Intelligence 

Report: The Future of Work and Skills 2030, Josh 

Bersin Academy, Los Angeles, CA, USA, 2023. 

2. SAP SE, SAP SuccessFactors Talent Intelligence 

Hub: Technical Overview and AI Capabilities, 

Walldorf, Germany: SAP White Paper, 2022. 

3. M. Davenport, N. Guha, and T. Grewal, "Artificial 

Intelligence in Human Resources: Emerging 

Applications and Implications," MIT Sloan 

Management Review, vol. 63, no. 2, pp. 44–53, 

2022. 

4. D. T. Hall and K. E. Yip, "Career Development in 

the Digital Age: Human–Machine Collaboration 

for Lifelong Learning," Human Resource 

Management Review, vol. 31, no. 4, pp. 100–118, 

2021. 

5. R. Van Esch, L. Black, and S. Ferolie, "Marketing 

AI Applications and Ethics: Examining the Role of 

Trust and Accountability in Human Capital 

Systems," Journal of Business Research, vol. 124, 

pp. 353–365, 2021. 

6. Y. Baruch, "Transforming Careers: From Linear to 

Multidirectional Career Paths," Career 

Development International, vol. 9, no. 1, pp. 58–

73, 2004. 

7. D. T. Hall, Careers In and Out of Organizations, 

Thousand Oaks, CA: Sage Publications, 2002. 

8. [8] P. Cappelli, Talent on Demand: Managing 

Talent in an Age of Uncertainty, Boston, MA: 

Harvard Business Press, 2008. 

9. J. Bersin, AI and the Reinvention of Career 

Development, Los Angeles, CA: Josh Bersin 

Academy, 2020. 

10. A. Bassi and S. Chaturvedi, "Artificial Intelligence 

Applications in Human Capital Management," 

Human Resource Management Review, vol. 31, 

no. 4, pp. 100–119, 2021. 

11. Deloitte Insights, Elevating Career Journeys with 

AI: 2022 Global Human Capital Trends, Deloitte 

Development LLC, 2022. 

12. R. Jain and A. Singhal, "Enhancing Learning 

Experience Using AI-Enabled HR Platforms," 

Journal of Human Resource Management, vol. 7, 

no. 3, pp. 28–34, 2019. 

13. S. Kim and J. Lee, "Internal Talent Mobility 

Through AI: A Case of Global Technology Firms," 

International Journal of HR Technology, vol. 3, 

no. 2, pp. 12–25, 2021. 

14. A. Ghosh and S. Chandrasekar, "The Role of Skills 

Taxonomy in Career Development Software," HR 

Technology Today, vol. 8, no. 2, pp. 20–32, 2021. 

15. P. Sharma and K. Agrawal, “Simulation-based 

validation of AI-driven HR tools,” International 

Journal of Data Science and Applications, vol. 5, 

no. 1, pp. 45–59, 2022. 

16. H. Cappelli and M. Tavis, “Artificial intelligence 

and the future of talent management,” Human 

Resource Management Review, vol. 32, no. 3, pp. 

410–423, 2022. 

17. H. Zhang and D. Thomas, “Employee trust in AI-

enabled career development systems,” Journal 

of Organizational Behavior, vol. 44, no. 4, pp. 

541–557, 2023. 

18. S. Chakraborty and J. Sharma, “Algorithmic 

fairness and accountability in human capital 

analytics,” Information Systems Frontiers, vol. 25, 

pp. 1021–1038, 2023. 

19. M. Mikalef, J. Krogstie, and G. Pappas, “Artificial 

intelligence capabilities in digital transformation: 

A human-centric view,” European Journal of 

Information Systems, vol. 31, no. 5, pp. 530–548, 

2022. 

20. A. Raisch and M. Krakowski, “Artificial 

intelligence and management: The automation–

augmentation paradox,” Organization Science, 

vol. 32, no. 4, pp. 1209–1228, 2021. 

21. A. Cascio and R. Montealegre, “How Technology 

Is Changing Work and Organizations,” Annual 

Review of Organizational Psychology and 

Organizational Behavior, vol. 9, pp. 233–257, 

2022. 

22. R. Bakhshi, J. Downing, M. Osborne, and C. 

Schleicher, “The Future of Skills: Employment in 

2030,” Oxford Martin School Working Paper 

(peer-reviewed edition in Futures), vol. 111, pp. 

1–16, 2019. 

23. T. Glikson and A. Woolley, “Human Trust in 

Artificial Intelligence: Review of Empirical 

Research,” Academy of Management Annals, vol. 

14, no. 2, pp. 627–660, 2020. 

24. M. S. Islam and J. A. Mitra, “Digital 

Transformation and Workforce Mobility in HR 

Analytics: An Empirical Study,” Information 



 Manoj Parasa, International Journal of Science, Engineering and Technology, 

 2023, 11:6 

 

9 

 

 

Systems Frontiers, vol. 24, no. 6, pp. 1629–1644, 

2022. 

25. S. Raisch and M. Krakowski, “Artificial 

Intelligence and Management: The Automation–

Augmentation Paradox,” Organization Science, 

vol. 32, no. 4, pp. 1209–1228, 2021. 

26. M. Mikalef, J. Krogstie, and G. Pappas, “Artificial 

Intelligence Capabilities in Digital 

Transformation: A Human-Centric View,” 

European Journal of Information Systems, vol. 

31, no. 5, pp. 530–548, 2022. 

27. L. Martin, P. Shilton, and S. Hoffman, “Practices 

for Ethical AI: A Framework for Human-Centered 

Governance in Machine Learning Systems,” AI 

and Society, vol. 38, pp. 1201–1217, 2023. 

 

 


