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Abstract- Cloud computing environments require efficient resource allocation and load balancing mechanisms to
ensure high performance, scalability, reliability, and optimal utilization of computational resources. As cloud
applications continue to experience dynamic and unpredictable workloads, traditional static allocation techniques
often struggle to maintain service quality and operational efficiency. This study presents an evidence mapping
analysis of smart resource allocation and load balancing strategies employed in modern cloud applications,
focusing on their effectiveness in traffic optimization, workload distribution, response time reduction, and
infrastructure utilization. The research systematically reviews and categorizes existing approaches, including
heuristic algorithms, predictive analytics, machine learning-based techniques, adaptive scheduling models, and
intelligent traffic management frameworks. Through evidence mapping, the study identifies prevailing research
trends, evaluation metrics, implementation challenges, and emerging opportunities in cloud resource
optimization. The findings indicate that intelligent and adaptive load balancing mechanisms significantly improve
application performance, fault tolerance, scalability, and energy efficiency compared to conventional methods.
Furthermore, the analysis highlights the growing integration of artificial intelligence, real-time monitoring, and
autonomous decision-making systems in achieving efficient cloud resource management. The study concludes
that smart load balancing and resource allocation strategies play a critical role in enhancing cloud application
performance and operational resilience, while the evidence mapping framework provides valuable insights for
researchers and practitioners seeking to develop next-generation cloud infrastructures capable of supporting
increasingly complex and dynamic workloads.,
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I. INTRODUCTION Resource allocation and load balancing are tWo
fundamental mechanisms that ensure the efficient

Cloud computing has revolutionized the delivery of operation of cloud applications. Resource allocation
computing services by providing scalable, flexible, focuses on assigning computational resources such
and on-demand access to computational resources s processing power, memory, storage, and network
through the Internet. Organizations across industries bandwidth to applications according to workload
increasingly rely on cloud applications to support requirements. Load balancing ensures that incoming
business operations, data processing, artificial requests and computational tasks are distributed
intelligence workloads, and digital services. As cloud €venly —across available resources to prevent
infrastructures  continue to expand, efficient bottlenecks and maximize performance. Together,
management of computing resources has become a these  mechanisms  contribute to improved
critical  requirement  for maintaining system scalability, reduced latency, enhanced fault
performance and service reliability. The growing tolerance, and optimized operational costs.
complexity of cloud environments, coupled with

fluctuating user demands, creates significant Traditional cloud management approaches often

challenges in resource utilization and traffic depend on static allocation policies and predefined
distribution. thresholds. However, the dynamic nature of modern
cloud workloads requires more intelligent and
adaptive solutions capable of responding to real-
time changes. Recent advancements in artificial
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intelligence, machine learning, predictive analytics,
and cloud automation have introduced smart
resource management frameworks that
continuously optimize resource utilization and traffic
distribution. This evidence mapping study
investigates existing research on intelligent resource
allocation and load balancing strategies, identifies
major trends, evaluates performance outcomes, and
highlights future opportunities for cloud traffic
optimization.

1. CLOUD COMPUTING AND RESOURCE
MANAGEMENT

Evolution of Cloud Computing

Cloud computing has evolved from simple
virtualization technologies to highly sophisticated
distributed computing ecosystems capable of
supporting global-scale applications. Modern cloud
platforms provide infrastructure, platform, and
software services that enable organizations to
rapidly deploy and manage applications without
significant hardware investments.

The increasing adoption of cloud-native
architectures, microservices, and containerized
applications has further accelerated the demand for
intelligent resource management. These
developments require cloud systems to dynamically
allocate resources while maintaining consistent
service quality under varying workload conditions.

Importance of Resource Management

Effective resource management is essential for
maximizing infrastructure utilization and minimizing
operational expenses. In cloud environments,
resources must be allocated efficiently to ensure that
applications receive adequate computational
capacity while avoiding unnecessary resource
consumption.

Proper resource management improves application
responsiveness, supports scalability, enhances
reliability, and enables service providers to meet
customer expectations. As workloads become more
compley, intelligent resource allocation mechanisms
play a crucial role in maintaining optimal system
performance.

Intelligent Resource Management and Reliability Engineering in Cloud-Native Environments

Section 2.1: Evidence Mapping

1. Evidence Sources

I1l. FUNDAMENTALS OF SMART
RESOURCE ALLOCATION

Definition and Objectives
Smart resource allocation refers to the intelligent
assignment of cloud resources based on workload
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characteristics, application requirements, and
infrastructure conditions. Unlike static allocation
methods, smart allocation mechanisms continuously
analyze operational data to make informed
decisions.
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The primary objectives include maximizing resource
utilization, minimizing response times, reducing
operational costs, ensuring service availability, and
supporting dynamic scalability. Intelligent allocation
frameworks contribute significantly to overall cloud
efficiency and performance optimization.

Dynamic Resource Provisioning

Dynamic resource provisioning enables cloud
systems to automatically adjust resource capacity
according to workload demand. During periods of
increased activity, additional resources can be
allocated to maintain  performance levels.
Conversely, resources can be released during low-
demand periods to reduce costs.

This adaptive capability is particularly important for
applications experiencing unpredictable traffic
patterns. Dynamic provisioning supports elasticity
and ensures efficient utilization of cloud
infrastructure.

Resource Scheduling Mechanisms

Resource scheduling determines how computational
tasks are assigned to available resources. Effective
scheduling algorithms consider factors such as

resource availability, workload priorities,
performance requirements, and system constraints.
Modern  scheduling  techniques increasingly

incorporate artificial intelligence and predictive
analytics to optimize task placement and improve

resource efficiency across distributed cloud
environments.
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IV. LOAD BALANCING IN CLOUD
APPLICATIONS

Concept of Load Balancing

Load balancing is a critical process that distributes
incoming network traffic and computational
workloads across multiple servers or virtual
machines. The goal is to prevent resource overload,
improve system responsiveness, and ensure efficient
utilization of available infrastructure.

By balancing workloads effectively, cloud systems
can deliver consistent performance even during
periods of high demand. Load balancing also
contributes to increased fault tolerance and service
continuity.

Traditional Load Balancing Techniques
Traditional load balancing methods include Round
Robin, Weighted Round Robin, Least Connection,
and Random Allocation algorithms. These
approaches distribute workloads based on
predefined rules and are relatively easy to
implement.

Although effective in many scenarios, traditional
techniques often struggle to adapt to dynamic cloud
environments  characterized by  fluctuating
workloads and heterogeneous resources.

Adaptive Load Balancing Strategies
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Adaptive load balancing techniques continuously
monitor system conditions and adjust workload
distribution accordingly. These strategies utilize real-
time information related to server utilization,
response times, network latency, and resource
availability.

Adaptive mechanisms provide superior performance
compared to static approaches by responding
proactively to changing workload conditions and
infrastructure states.

V. ARTIFICIAL INTELLIGENCE IN
RESOURCE ALLOCATION AND LOAD
BALANCING

Machine Learning for Resource Optimization
Machine learning algorithms analyze historical and
real-time operational data to predict resource
requirements and optimize allocation decisions.
These algorithms identify workload patterns and
forecast future demand levels, enabling proactive
infrastructure management.

Predictive resource allocation reduces service
disruptions, improves utilization rates, and supports
efficient workload distribution across cloud
environments.

Deep Learning-Based Decision Making

Deep learning models process large volumes of
operational data to identify complex relationships
and patterns within cloud systems. These models

support advanced decision-making processes
related to resource allocation and traffic
management.

Deep learning techniques enhance optimization
accuracy and provide cloud platforms with greater
adaptability when responding to evolving workload
conditions.

Reinforcement Learning for Traffic Management
Reinforcement learning enables cloud systems to
learn optimal resource allocation and load balancing
policies through continuous interaction with their
operating environment. By evaluating the outcomes

of previous actions, reinforcement learning agents
improve decision-making over time.

This autonomous learning capability supports self-
optimizing cloud infrastructures capable of adapting
to changing workloads with minimal human
intervention.

V1. TRAFFIC OPTIMIZATION STRATEGIES

Workload Prediction

Accurate workload prediction is fundamental to
traffic optimization. Predictive models estimate
future demand levels using historical traffic data,
application usage patterns, and operational metrics.
Forecasting workload fluctuations enables cloud
systems to allocate resources proactively and
maintain service quality during peak demand
periods.

Real-Time Monitoring

Real-time monitoring systems continuously collect
and analyze operational metrics such as CPU
utilization, memory consumption, network traffic,
and response times. These insights enable rapid
identification of performance bottlenecks and
resource constraints.

Monitoring tools provide valuable information that
supports intelligent resource management and
adaptive load balancing decisions.

Traffic Routing Optimization

Traffic routing optimization focuses on directing
requests to the most appropriate resources based on
performance indicators and network conditions.
Intelligent routing mechanisms reduce latency,
improve throughput, and enhance user experiences.
Advanced routing strategies consider geographical
location, network congestion, server health, and
resource availability when distributing workloads.

VII. EVIDENCE MAPPING
METHODOLOGY

Purpose of Evidence Mapping
Evidence mapping provides a systematic approach
for organizing and analyzing existing research within
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a specific domain. This methodology enables
researchers to identify trends, assess evidence
quality, and uncover research gaps.

In the context of cloud resource management,
evidence mapping offers a comprehensive overview
of current optimization techniques and their
effectiveness.

Study Classification

The reviewed studies can be classified according to
optimization techniques, application domains,
evaluation metrics, deployment environments, and
research objectives. This classification facilitates
comparative analysis and improves understanding of
existing approaches.

7.1 PURPOSE OF EVIDENCE MAPPING ;ﬂf

The evidence indicates increasing interest in
intelligent and automated resource management
solutions driven by artificial intelligence and machine
learning technologies.

Identification of Research Gaps

The evidence mapping process highlights several
areas requiring further investigation, including multi-
cloud optimization, edge-cloud resource
management, explainable artificial intelligence,
sustainability-focused allocation strategies, and
autonomous cloud operations.

Addressing these research gaps will contribute to the

development of more advanced and resilient cloud
infrastructures.

7.2 STUDY CLASSIFICATION cousssatne aatvess
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VIIl. PERFORMANCE EVALUATION
METRICS

Resource Utilization

Resource utilization measures the efficiency with
which cloud resources are consumed. Higher
utilization levels indicate effective allocation and
reduced infrastructure waste.

Efficient utilization contributes to lower operational
costs and improved service delivery.

Response Time

Response time represents the duration required for
a system to process and respond to user requests. It
is one of the most important indicators of
application performance and user satisfaction.
Smart resource allocation and load balancing
mechanisms aim to minimize response times
through optimized workload distribution.

Throughput

Throughput measures the volume of requests
processed successfully within a given time period.
High throughput indicates effective infrastructure
performance and efficient traffic management.
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Improved throughput enables cloud platforms to
support larger user populations and more
demanding workloads.

Scalability and Reliability

Scalability reflects a cloud system's ability to
accommodate growing workloads, while reliability
measures system availability and fault tolerance.
Both metrics are essential for evaluating the
effectiveness of resource management strategies.

IX. EMERGING TRENDS IN INTELLIGENT
CLOUD MANAGEMENT

Autonomous Cloud Operations
Autonomous cloud operations represent the next
phase of cloud evolution. These systems utilize

artificial intelligence to automate monitoring,
resource allocation, load balancing, and fault
recovery processes.

Autonomous management reduces operational

complexity and enables more efficient cloud service
delivery.

Edge Computing Integration

Edge computing extends computational capabilities
closer to end users, reducing latency and improving
response times. Integrating edge and cloud
resources requires intelligent allocation strategies
capable of coordinating workloads across
distributed environments.

This integration supports emerging applications
such as autonomous vehicles, smart cities, and
Internet of Things ecosystems.

Sustainable Cloud Computing

Environmental sustainability has become an
important consideration in cloud infrastructure
management. Energy-efficient resource allocation
and load balancing strategies help reduce power
consumption and carbon emissions.

Future cloud systems are expected to incorporate
sustainability ~ objectives into optimization
frameworks while maintaining performance and
reliability.

X. CONCLUSION

The rapid growth of cloud computing has increased
the importance of intelligent resource allocation and
load balancing as essential mechanisms for ensuring
efficient application performance, scalability, and
service reliability. Traditional static approaches are
increasingly inadequate for managing the dynamic
and unpredictable workloads associated with
modern cloud environments. As a result, cloud
providers and organizations are adopting smart
resource management strategies that leverage
artificial intelligence, machine learning, predictive
analytics, and real-time monitoring technologies to

optimize infrastructure utilization and traffic
distribution.
This evidence mapping study systematically

examined existing research related to smart resource
allocation and load balancing for cloud applications.
The analysis revealed a significant shift toward
intelligent and adaptive optimization techniques
capable of responding dynamically to changing
workload conditions. The findings demonstrate that
advanced allocation and load balancing mechanisms
improve resource utilization, reduce response times,
enhance throughput, strengthen fault tolerance, and
support scalable cloud operations. Furthermore, the
integration of Al-driven decision-making systems
enables proactive management of cloud resources
and contributes to greater operational efficiency.

The study also identified emerging research trends,
including autonomous cloud operations, edge-cloud
integration, sustainability-focused resource
management, and reinforcement learning-based
optimization. Despite substantial progress, several
challenges remain, particularly in areas such as multi-
cloud coordination, explainable artificial intelligence,
security-aware resource allocation, and real-world
validation of optimization frameworks. Addressing
these challenges will be essential for advancing
intelligent cloud management and supporting
increasingly complex application ecosystems.

In conclusion, smart resource allocation and load
balancing are fundamental to the development of

resilient, scalable, and high-performance cloud

6
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infrastructures. The evidence synthesized in this 7.

study highlights the transformative role of intelligent
optimization technologies in modern cloud
computing and provides a valuable foundation for
future research and practical implementation. As
cloud environments continue to evolve, adaptive
and data-driven resource management solutions will
remain critical for achieving efficient traffic
optimization, sustainable operations, and superior
service delivery.

REFERENCES

1. Afzal, S, & Kavitha, G. (2019). Load balancing in
cloud computing: A hierarchical taxonomical
classification. Journal of Cloud Computing, 8(1),
22. https://doi.org/10.1186/s13677-019-0146-7

2. Menda, J. R. (2024). Transforming Java and Node
banking applications through generative Al-
centric code engineering. Journal of Scientific
and Engineering Research, 11(4), 394-408.
https://doi.org/10.5281/zenodo.18085354

3. Nagender, Y. (2024). LLM-augmented enterprise
search and knowledge discovery in master data
management systems. International Journal of
Scientific Research & Engineering Trends, 10(3).
https://doi.org/10.5281/zenodo.19130581

4. Ghanta, S. (2024). From monoliths to
intelligence:  Generative  Al-driven  code
transformation and modernization of legacy
Spring systems. International Journal of
Scientific Research in Science, Engineering and
Technology, 11(8), 290-299.
https://doi.org/10.32628/IJSRSET24118041

5. Vankayala, S. C. (2023). Reinforcement learning—
driven cognitive testing for scalable and resilient
financial systems. ESP Journal of Engineering &
Technology Advancements, 3(4), 209-217.
https://doi.org/10.5281/zenodo.20092735

6. Vollem, S. (2024). From deterministic pipelines to
intelligent orchestration: A transformer-driven
framework for LLM-augmented DevOps
automation. International Journal of Research
Publications in Engineering, Technology and
Management, 7(1), 9964-9975.
https://doi.org/10.15662/IJRPETM.2024.070100
9

10.

11.

12.

13.

14.

Seetala, S. R. (2024). Architecting trustworthy Al:
Governance frameworks for responsible artificial
intelligence in enterprise data ecosystems.
International Journal of Science, Engineering and
Technology, 12(1).
https://doi.org/10.5281/zenodo.19208753
Thota MR. Autonomous Cloud Infrastructure:
Leveraging Generative Al for Intelligent
Blueprinting and Continuous Architecture
Optimization. J Artif Intell Mach Learn & Data Sci
2024 7(1), 3410-3418. DOI:
https://doi.org/10.51219/JAIMLD/Madhava-
rao-thota/679

Beloglazov, A., Abawajy, J., & Buyya, R. (2012).
Energy-aware resource allocation heuristics for
efficient management of data centers for cloud
computing. Future Generation Computer
Systems, 28(5), 755-768.
https://doi.org/10.1016/j.future.2011.04.017
BasiReddy, S. R. (2024). Architecting trustworthy
and scalable CRM intelligence with LLM-driven
integration and zero trust governance. Journal of
Artificial Intelligence, Machine Learning & Data
Science, 3(2), 2988-2993.
https://doi.org/10.51219/JAIMLD/santhosh-
reddybasireddy/620

Parepalli, S. (2024). Architecting multi cloud data
engineering models for high resilience and low
latency patterns for active pipelines, consistent
governance, and operational automation.
International Journal of Scientific Research in
Computer Science, Engineering and Information
Technology  (IJSRCSEIT),  10(7), 309-328.
https://doi.org/10.32628/CSEIT24107452
Boddupally, H. L. (2022). Architectural-driven
intelligent refactoring for resilient cloud-native
.NET systems. European Journal of Advances in
Engineering and Technology, 9(1), 95-104.
https://doi.org/10.5281/zenodo.18084183
Beloglazov, A., & Buyya, R. (2012). Optimal
online deterministic algorithms and adaptive
heuristics for energy and performance efficient
dynamic consolidation of virtual machines in
cloud data centers. Concurrency and
Computation: Practice and Experience, 24(13),
1397-1420. https://doi.org/10.1002/cpe.1867
Menda, J. R. (2022). Grounded generation for
enterprise knowledge: Automated



Jessica Howard, International Journal of Science, Engineering and Technology,
2024, 12:4

15.

16.

17.

18.

19.

20.

21.

documentation and knowledge extraction using
GenAl agents. International Journal of Scientific
Research in Computer Science, Engineering and
Information  Technology, 8(3), 857-866.
https://doi.org/10.32628/CSEIT2215512

Thota, M. R. (2022). Foundation models as
platform infrastructure: Integrating large
language models into internal developer

platforms for scalable productivity. International
Journal of Scientific Research in Science and
Technology, 9(5), 853-864.
https://doi.org/10.32628/1JSRST2295163
Vankayala, S. C. (2023). Al-augmented root
cause analysis in distributed microservices: A
deep learning and causal inference framework
for intelligent quality engineering. International
Journal of Scientific Research in Science,
Engineering and Technology (IJSRSET), 10(6),
499-512.
https://doi.org/10.32628/IJSRSET2613251
Teegala, R. (2024). A governance oriented study
of fine-tuning domain specific large language
models with transaction and operations data.
KOS Journal of AIML, Data Science, and
Robotics, 1(1), 1-10.
https://doi.org/10.5281/zenodo.18712442
Ghanta, S. (2023). From open information
extraction to probabilistic fusion: Semantic
retrieval pipelines for enterprise knowledge
graph construction. International Journal of
Research and Applied Innovations, 6(3), 8933-
8940.
https://doi.org/10.15662/1JRAI.2025.080201
Buyya, R., Yeo, C. S, Venugopal, S., Broberg, J., &
Brandic, I. (2009). Cloud computing and
emerging IT platforms: Vision, hype, and reality
for delivering computing as the 5th utility. Future
Generation Computer Systems, 25(6), 599-616.
https://doi.org/10.1016/j.future.2008.12.001
Nagender, Y. (2024). Human-supervised Al
control architectures for accountable and
transparent  enterprise data  governance.
International Journal of Scientific Research in
Science, Engineering and Technology (IJSRSET),
11(7), 1317-1349.
https://doi.org/10.32628/IJSRSET24118051
Seetala SR. Real-Time Data Monitoring Using
Cloud Observability Tools:  Architectures,

22.

23.

24.

25.

26.

27.

28.

Techniques and Emerging Practices. J Artif Intell
Mach Learn & Data Sci 2023 6(4), 3367-3374.
DOI:  doi.org/10.51219/JAIMLD/srinivasa-rao-
seetala/673

BasiReddy, S. R. (2023). Human-centered
automation frameworks for next-generation
CRM platforms. Journal of Scientific and
Engineering Research, 10(1), 120-127.
https://doi.org/10.5281/zenodo.18467397
Calheiros, R. N., Ranjan, R, Beloglazov, A., De
Rose, C. A. F., & Buyya, R. (2011). CloudSim: A
toolkit for modeling and simulation of cloud
computing environments and evaluation of
resource provisioning algorithms. Software:
Practice and  Experience, 41(1), 23-50.
https://doi.org/10.1002/spe.995

Boddupally, H. L. (2021). Toward intelligent root
cause analysis in multi-layer enterprise systems:
Tracing, statistical inference, and dependency-
graph reasoning. International Journal of Core
Engineering & Management, 6(12).
https://doi.org/10.5281/zenodo.18902004
Parepalli, S. (2023). Engineering end-to-end data
integrity validation for financial reporting
pipelines: Continuous controls, reconciliation
evidence, and tamper-resistant governance.
International Journal of Scientific Research in
Science, Engineering and Technology (IJSRSET),
10(9), 416-433.
https://doi.org/10.32628/IJSRSET2310946
Menda, J. R. (2022). Data hygiene and batch
optimization in enterprise CRM: A 2017
framework for scalable, high-quality customer
data integration. International Journal of
Scientific Research in Computer Science,
Engineering and Information Technology, 8(1),
565-576.
https://doi.org/10.32628/CSEIT23906183
Vankayala, S. C. (2022). Intelligent failure
prediction in CI/CD pipelines using machine
learning models for enterprise quality assurance.
International Journal of Scientific Research in
Science and Technology, 9(6), 820-832.
https://doi.org/10.32628/1JSRST52310497

Fan, X., Weber, W. D., & Barroso, L. A. (2007).
Power provisioning for a warehouse-sized
computer. ACM SIGARCH Computer



Jessica Howard, International Journal of Science, Engineering and Technology,
2024, 12:4

29.

30.

31.

32.

33.

34.

35.

36.

Architecture News, 35(2),
https://doi.org/10.1145/1273440.1250665
Vollem, S. (2023). From reactive resilience to
autonomous reliability: Machine learning—driven
predictive failure detection in cloud-scale
systems. International Journal of Future
Innovative Science and Technology, 6(3), 10620-
10629.
https://doi.org/10.15662/1JFIST.2023.0603003
Thota, M. R. (2022). Self-healing database
infrastructure: Machine learning-driven incident
response and autonomous reliability
engineering. International Journal of Scientific
Research in Science and Technology, 9(9), 230-
241. https://doi.org/10.32628/1JSRST2291349
Ghanta, S. (2022). Privacy-preserving machine
learning for regulated financial systems: A
federated learning architecture with layered
privacy guarantees. International Journal of Core
Engineering & Management, 7(4).
https://doi.org/10.5281/zenodo.18920980
Teegala, R. (2022). Event-driven microservices
for omni-channel banking: U.S. case study-
driven architectural patterns and operational
outcomes. KOS Journal of AIML, Data Science,
and Robotics, 1(1), 1-10.
https://doi.org/10.5281/zenodo.18712315
Garg, S. K., Versteeg, S., & Buyya, R. (2013). A
framework for ranking of cloud computing
services. Future Generation Computer Systems,
29(4), 1012-1023.
https://doi.org/10.1016/j.future.2012.06.006
Seetala SR. Intelligent Data Validation in Modern
Data Platforms: Integrating Statistical Methods
and Al for Reliable Machine Learning Pipelines. J
Artif Intell Mach Learn & Data Sci 2022 5(2),
3359-3366. doi.org/10.51219/JAIMLD/srinivasa-
rao-seetala/672

Hameed, A, Khoshkbarforoushha, A., Ranjan, R.,
Jayaraman, P. P., Kolodziej, J., Balaji, P., Zeadally,
S., Malluhi, Q,, Tziritas, N., Vishnu, A., Khan, S. U.,
& Zomaya, A. Y. (2016). A survey and taxonomy

13-23.

on energy efficient resource allocation
techniques for cloud computing systems.
Computing, 98(7), 751-774.

https://doi.org/10.1007/s00607-014-0407-8
Boddupally, H. L. (2021). A telemetry-centric
approach to identifying recurrent defect

37.

38.

39.

40.

41.

42.

43.

structures in software systems. International
Journal of Scientific Research & Engineering
Trends, 7(4).
https://doi.org/10.5281/zenodo.18125283
BasiReddy, S. R. (2022). Augmenting customer
relationship management workflows with
generative Al:  Architectures, conversational
intelligence, and knowledge-grounded
personalization.  International Journal  of
Scientific Research & Engineering Trends, 8(5).
Zenodo.
https://doi.org/10.5281/zenodo.18324413
Vankayala, S. C. (2021). Architectural approaches
to contract testing in event-driven Kafka
systems. European Journal of Advances in
Engineering and Technology, 8(6), 185-191.
https://doi.org/10.5281/zenodo.18467244

Yamsani, N. (2023). Institutionalizing data
accountability:  Automation  patterns  for
governance, lineage, and compliance in

enterprise platforms. International Journal of
Machine Learning for Sustainable Development,
5(2), 1-28. Retrieved from
https://www.ijsdcs.com/index.php/IJMLSD/articl
e/view/708/271

Mishra, S. K, Sahoo, B., & Parida, P. P. (2020).
Load balancing in cloud computing: A big
picture. Journal of King Saud University -
Computer and Information Sciences, 32(2), 149-
158. https://doi.org/10.1016/j.jksuci.2018.01.003
Parepalli, S. (2023). Engineering privacy by
design in regulated data platforms: Architecture,
governance, and responsible Al controls.
International Journal of Engineering & Extended
Technologies Research (IJEETR), 5(2), 6334-6347.
https://doi.org/10.15662/1JEETR.2023.0502011
Shahin, M., Babar, M. A, & Zhu, L. (2017).
Continuous integration, delivery and
deployment: A systematic review on approaches,
tools, challenges and practices. IEEE Access, 5,
3909-3943.
https://doi.org/10.1109/ACCESS.2017.2685629
Ramani  Teegala. (2022). Self Healing
Microservices:  Adaptive  Resilience  And
Autonomous Recovery In Distributed Systems. In
International Journal of Science, Engineering and
Technology (Vol. 14, Number 2). Zenodo.
https://doi.org/10.5281/zenodo.18680202



Jessica Howard, International Journal of Science, Engineering and Technology,

2024, 12:4

44. Vollem S. Governance Models for Microservice

45.

Architectures in Regulated Enterprise
Environments. J Artif Intell Mach Learn & Data
Sci 2021 3(3), 3343-3349. DOI:
doi.org/10.51219/JAIMLD/shekar-vollem/670
Yamsani, N. (2023). Context-aware metadata
enrichment in  enterprise master data
management: A natural language processing
approach for EBX repositories. International
Journal of Sustainable Development in
Computing Science, 5(1), 1-28. Retrieved from
https://www.ijsdcs.com/index.php/ijsdcs/article/
view/707/270

10



