
 Purvi Singh,, 2025, 13:2 

ISSN (Online): 2348-4098 

ISSN (Print): 2395-4752 

 

 

 
© 2025 Purvi Singh,. This is an Open Access article distributed under the terms of the Creative Commons Attribution License 

(http://creativecommons.org/licenses/by/4.0), which permits unrestricted use, distribution, and reproduction in any medium, provided 

the original work is properly credited. 

International Journal of Science, 
Engineering and Technology 

An Open Access Journal 

Ai In Predictive Analytics With Big Data 
Purvi Singh, Sagar Saxena, Shagun Singh, Miss Neha Patel, Mr. Subodh Kumar 

Computer Application Department, Kanpur Institute Of Technology 

 

I. INTRODUCTION 
 

In today’s digital world, data is being generated at 

an unprecedented scale from sources like social 

media, sensors, online transactions, and smart 

devices. This explosion of data—often unstructured 

and rapidly changing—has made traditional 

predictive analytics tools less effective. Artificial 

Intelligence (AI) offers a powerful solution by 

learning directly from complex data streams and 

adapting to new patterns in real time. Unlike static 

models, modern AI systems can handle massive, 

messy datasets and improve their predictions over 

time without constant human input.  

 

This paper explores how AI-driven predictive 

analytics, especially using self-learning techniques 

like reinforcement learning, is transforming 

industries by making forecasts smarter, faster, and 

more responsive. We also highlight key challenges 

such as ethical concerns, data privacy, and the need 

for high computational resources. 

 

II.  METHODOLOGY 

 
This study adopts a theoretical and analytical 

approach to explore how Artificial Intelligence (AI) 

can enhance predictive analytics in the context of big 

data. Rather than performing hands-on experiments, 

the methodology involves examining existing AI 

techniques, evaluating their potential when applied 

to large and complex datasets, and identifying the 

challenges and opportunities they present. 

 

1. Key AI models considered in this study include: 

 Supervised Learning (e.g., regression, decision 

trees) 

 Unsupervised Learning (e.g., clustering, 

dimensionality reduction) 

 Deep Learning (e.g., neural networks) 

Abstract- : As the amount of data in the world keeps growing, traditional methods of predictive analytics 

are struggling to keep up. This paper looks at how artificial intelligence (AI), especially self-learning 

systems like reinforcement learning and generative models, can work with big, messy, and unstructured 

data to make smarter predictions. Unlike older systems that need clean and well-organized data, these 

new AI models can learn from raw and real-time data to find patterns, predict trends, and help in better 

decision-making. We explore real-life examples in areas like city traffic and supply chain planning to 

show how these AI systems improve over time as they get more data. We also discuss some important 

challenges, such as fairness, data privacy, and the heavy computing power needed. Overall, this paper 

shows how AI is changing predictive analytics into a more dynamic and intelligent process. 

 

Keywords -  Artificial Intelligence, Big Data, Predictive Analytics, Reinforcement Learning, Unstructured 

Data. 



 Md. Purvi Singh.  International Journal of Science, Engineering and Technology, 

 2025, 13:1 

 

2 

 

 

 Reinforcement Learning for dynamic and real-

time learning environments 

 Each technique is analyzed in terms of its 

strengths, limitations, and suitability for 

handling big data characteristics such as volume, 

velocity, variety, and veracity. 

 

2. Application Scenarios : 

The paper explores theoretical applications of AI-

powered predictive analytics in various domains 

such as: 

 Healthcare (e.g., disease outbreak prediction) 

 Finance (e.g., fraud detection and stock 

forecasting) 

 Smart Cities (e.g., traffic and energy demand 

forecasting) 

 Retail (e.g., customer behavior analysis) 

 

3. Analytical Tools and Frameworks (Theoretical)  

The discussion includes widely-used tools and 

platforms in AI and big data, such as Apache 

Hadoop, Spark, Python-based libraries (Scikit-learn, 

TensorFlow), and cloud computing environments. 

Their relevance is evaluated in theoretical terms 

based on scalability, efficiency, and adaptability. 

 

III.  RESULT 
The analysis reveals several advantages of 

integrating Artificial Intelligence into predictive 

systems, particularly when handling complex, high-

volume, and unstructured data. 

 

1. Key Findings:  

Improved Prediction Accuracy: AI models, especially 

deep learning and ensemble methods, offer 

significantly higher accuracy in predictions 

compared to traditional statistical models. 

 

Real-time Adaptability: Reinforcement learning and 

real-time learning algorithms enable systems to 

adjust their predictions dynamically as new data 

becomes available. 

 

Handling Unstructured Data : AI techniques such as 

NLP and image recognition help extract meaningful 

information from unstructured data sources like text, 

images, and audio, which traditional methods often 

overlook. 

 

Scalability: Cloud-based AI platforms and big data 

frameworks like Apache Spark enable the processing 

of massive datasets without performance 

bottlenecks. 

 

2. Comparisons between Traditional Models and 

AI-Driven Models: 

Based on literature analysis, the following 

observations were made, 

Featutes Traditional Models AI-Driven Models 

Data Type Support Mostly structured Structured + Unstructured 

Learning Capability Static Adaptive, Self-learning 

Prediction Accuracy Moderate High 

Scalability  Limited Scalable via cloud/big data 

tools 

Interpretability High Moderate to low 

 

3. Limitations: 

The analysis depends on secondary data and 

reported results from prior research, which may vary 

based on datasets and models used. 

 

Some AI techniques, especially deep learning, lack 

interpretability, which can be a barrier in sensitive 

fields like healthcare or finance. 

 

IV.  DISCUSSION 

 
The results of this study highlight the growing 

importance of integrating Artificial Intelligence with 

predictive analytics, especially in the context of big 

data. Traditional predictive models, while useful in 

structured and limited data environments, are 

increasingly falling short in today's data-intensive 

world. The key significance of the findings lies in the 

ability of AI-driven systems to handle the four major 

challenges of big data—volume, variety, velocity, 

and veracity—with much greater efficiency and 
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accuracy. The research shows that AI models not 

only improve prediction quality but also offer 

adaptive learning, which is essential in rapidly 

changing environments like online retail, stock 

markets, and smart cities. By leveraging 

reinforcement learning and deep learning, predictive 

analytics systems can evolve with data and make 

real-time, context-aware decisions. 

 

These findings address the core challenges faced by 

traditional analytics: 

Scalability: AI systems can grow with data. 

Complexity: Unstructured data like text, audio, and 

video can be processed and understood. 

Timeliness: AI enables real-time or near-real-time 

predictions, which is vital for dynamic systems like 

healthcare monitoring or traffic control. 

 

1. Implications and Applications : 

The implications of this study are significant for both 

academic and industrial sectors. In business, AI-

enhanced predictive analytics can improve customer 

insights, demand forecasting, and fraud detection. In 

public systems, it can support better planning in 

transportation, weather prediction, and resource 

allocation. 

 

2. Recommendations for Future Research : 

Practical Implementations: Future studies should 

focus on implementing and testing AI models on 

real-world big data to validate their performance. 

 

Explainable AI: More research is needed to make 

complex AI models interpretable, especially in fields 

where transparency is crucial. 

Hybrid Models: Exploring combinations of 

traditional statistical methods with AI can offer the 

best of both worlds—accuracy and explainability. 

Ethical and Legal Considerations: Future work must 

also address ethical concerns related to data privacy, 

fairness, and algorithmic bias. 

 

 

 

V.  CONCLUSION 
Moreover, this research emphasizes the importance 

of explainability, ethical usage, and data privacy in 

AI-based systems. It encourages future researchers 

to explore hybrid models, real-world testing, and 

responsible AI design to bridge the gap between 

theoretical potential and practical deployment. 

 

In conclusion, the integration of AI with predictive 

analytics marks a significant step forward in making 

data-driven decision-making more intelligent, 

responsive, and impactful. 
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