
Ishita Chincholkar, 2025, 13:6 

ISSN (Online): 2348-4098 

ISSN (Print): 2395-4752 

 

 

 

© 2025 Ishita Chincholkar, This is an Open Access article distributed under the terms of the Creative Commons Attribution License 

(http://creativecommons.org/licenses/by/4.0), which permits unrestricted use, distribution, and reproduction in any medium, provided 

the original work is properly credited. 

International Journal of Science, 
Engineering and Technology 

An Open Access Journal 

Dynamic ML: A Novel Automated Machine Learning 

Tool for Streamlined Model Development 
Ishita Chincholkar, Siddhesh Rahane, Atharva Kawale, Sudarshan Jadha 
 Department of Computer Engineering, MET’s Institute of Engineering, Adgaon, Nashik, India 

 

I. INTRODUCTION 
 

Today organizations and states are generally 

dependent on data and correspondence innovation 

to convey and making contacts. E- offering is 

progressively being taken on through the world. E-

offering in its least difficult structure is portrayed as 

the electronic distributing, conveying, getting to, 

getting and submitting of all delicate related data 

and documentation through the web. In this way 

supplanting the customary paper-based delicate 

cycles and accomplishing a more proficient and 

business process for parties included. The essential 

standards of the offering system have been applied 

to numerous business regions, for example, buying 

products, looking for specialist co-ops, business 

counseling, or the determination of principal workers 

for hire for development work [1]. Lacking security 

brings amazing open doors for extortion and 

agreement by parties inside and beyond the offering 

system. In this paper initial, an overall structure for 

lawful and security prerequisites for a common e- 

offering framework will be recognized. 

 

E-offering in its least difficult structure is portrayed 

as the electronic distributing, conveying, getting to, 

getting and submitting of all delicate related data 

and documentation through the web. In this way 

supplanting the customary paper-based delicate 

cycles and accomplishing a more proficient and 

business process for parties included.  

 

The essential standards of the offering system have 

been applied to numerous business regions, for 

example, buying products, looking for specialist co-

ops, business counseling, or the determination of 

principal workers for hire for development work [1]. 

Lacking security brings amazing open doors for 

extortion and agreement by parties inside and 

beyond the offering system. In this paper initial, an 

overall structure for lawful and security prerequisites 

for a common e-offering framework will be 

recognized. Furthermore, the three progressive 

phases and execution for an electronic offering 
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framework and security issues connected with each 

stage will be talked about. The fast headway of AI 

advances has changed different businesses, 

empowering associations to tackle huge measures of 

information for informed independent direction and 

creative arrangements. Be that as it may, the intricacy 

of conventional AI work processes frequently 

presents huge difficulties for designers, especially 

those with restricted specialized skill. Manual coding, 

broad boundary tuning, and monotonous 

assignments can prompt shortcomings and upset 

the ideal arrangement of AI applications. Thus, there 

is a developing requirement for instruments that 

improve on the AI interaction and upgrade openness 

for clients at all expertise levels. 

 

DynamicML tends to these difficulties by presenting 

a computerized AI apparatus intended to smooth 

out the advancement work process. By utilizing 

dynamic AI strategies and continuous dataset age, 

DynamicML computerizes the creation, the board, 

and preparing of models, essentially lessening the 

time and exertion expected for designers. This 

undertaking centers around empowering engineers 

to focus on undeniable level plan and application as 

opposed to getting impeded in coding intricacies. 

Through its instinctive connection point, DynamicML 

enables clients to cooperate consistently with the 

framework, working with a more proficient and 

useful AI experience. 

 

Moreover, the innovative approach of DynamicML 

incorporates adaptive learning capabilities, allowing 

models to continuously improve as new data 

becomes available. This ensures that machine 

learning applications  remain effective and accurate 

in dynamic environments,  addressing  the  ever-

changing nature of real-world data. By providing a 

robust solution for real-time data handling and 

automated model training, DynamicML aims to 

revolutionize machine learning practices and drive 

innovation across diverse sectors. Ultimately, this 

paper seeks to democratize machine learning, 

making it more accessible and efficient for 

organizations and developers alike. 

 

 

II. METHODOLOGY 

 

DynamicML is an automated methodology for 

dataset transformation and machine learning model 

training, consisting of key steps: 

 

 Data Collection and Preprocessing: The system 

autonomously collects and preprocesses data in 

real-time, ensuring datasets are continuously 

updated without manual intervention. 

 Adaptive Machine Learning Techniques: 

DynamicML uses adaptive algorithms to 

automatically generate, transform, and refine 

datasets, enabling models to learn and adapt to 

new data without constant human effort. 

 Automated Model Training: The model training 

process is fully automated, allowing models to 

evolve with new data while minimizing coding 

efforts from developers. 

 User-Friendly Interface: An intuitive UI lets users 

focus on high-level model design and 

application, without needing to write code. 

 Automated Testing and Validation: Integrated 

automated testing ensures model accuracy and 

reliability, with continuous validation 

throughout the workflow. 

 Efficiency Gains: The automation reduces 

development time and enhances productivity, 

making AI model creation more accessible and 

efficient. 

 

Objectives 

 Automate machine learning workflows. 

 Enable real-time data adaptation. 

 Enhance developer productivity. 

 Simplify model optimization cycles. 

 Improve accessibility to advanced machine 

learning techniques. 

 

Problem Statement 

In the quickly advancing scene of AI, designers face 

critical moves that obstruct their capacity to 

effectively make, train, and convey models. 

Conventional AI work processes are much of the 

time portrayed by manual cycles that require broad 

coding, boundary tuning, and dreary assignments, 

making it challenging for those with restricted 

specialized mastery to take part in model turn of 

events. Furthermore, the failure to adjust models 
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continuously to new information can bring about 

diminished exactness and importance, prompting 

poor execution in unique conditions. The current 

instruments and systems frequently need 

robotization and easy to understand interfaces, 

further confusing the cycle for engineers. Thusly, 

there is a squeezing need for an answer that 

improves on the AI work process, robotizes basic 

undertakings, and works with consistent model 

improvement, permitting engineers to zero in on 

significant level plan and application as opposed to 

being stalled by coding intricacies. DynamicML 

means to resolve these issues by giving a 

computerized, natural stage that upgrades 

availability, proficiency, and viability in AI 

improvement. 

 

III. LITERATURE SURVEY 
 

 Hutter, F., Loos, H., & Elsayed, A. AutoML: A 

Survey of the State-of-the-Art. Journal of 

Machine Learning Research 2021. 

 Ganaie, M. A., Khan, M. A., & Ullah, N, A 

Comprehensive Review of Automated Machine 

Learning: Current Challenges and Future 

Directions, 2022, International Journal of 

Advanced Computer Science and Applications. 

 Kandasamy, A., & Loth, S., Towards Automated 

Machine Learning: An Overview of Techniques 

and Applications, 2021, Proceedings of the 2021 

IEEE International Conference on Machine 

Learning and Data Engineering. 

 Feurer, M., & Hutter, F.,Automated Machine 

Learning: A Practical Guide, 2021, Springer. 

 Wang, H., Zhang, S., & Liu, H., Automated 

Feature Engineering for Machine Learning, 2022, 

IEEE Transactions on Knowledge and Data 

Engineering. 

 In [11] [12] [13] discussed machine learning 

techniques that need be considered.  

 

 

 

 

 

 

 

Data Flow Diagrams 

 
Fig -1: Data Level 0 

 

 
Fig -1: Data Level 1 

 

Project Modules 

 Dataset Age Module Robotizes the making of 

constant dynamic datasets, consistently 

adjusting to approaching information, 

guaranteeing that models are constantly 

prepared on the most significant data. 

 Model Preparation Module 

 Smoothes out the preparation interaction via 

naturally choosing and applying AI calculations 

in light of dataset qualities, dispensing with the 

requirement for manual model setup. 

 User Point of interaction (UI) Module 

 Gives a natural, easy to use interface for 

designers to associate with the device, taking 

into account model choice, dataset the 

executives, and constant checking without 

requiring coding skill. 

 Model Organization Module Works with 

consistent arrangement of prepared models to 

creation conditions, furnishing choices for 

joining with various stages and applications. 
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Risk Analysis  

 Automated dataset generation may introduce 

errors or inconsistencies, affecting model 

performance and reliability. 

 The integration of dynamic adaptation and real- 

time data processing could result in unforeseen 

technical challenges or compatibility issues with 

existing systems. 

 Handling real-time and potentially sensitive data 

requires robust security measures to protect 

against breaches and ensure compliance with 

data protection regulations. 

 

IV. CONCLUSION 
 

This project followed a structured, multi-stage 

approach. In Stage 1 implemented real-time image 

capture and processing, laying the foundation for a 

dynamic machine learning pipeline. Stage 2 involved 

training the model using advanced algorithms, 

ensuring high accuracy and generalization. In Stage 

3, the model was deployed in realworld scenarios, 

where testing confirmed its reliability and 

performance. 

 

The project demonstrates a seamless workflow from 

data collection  to  model  deployment, showcasing 

the real-time applicability of machine learning. 

Future improvements could focus on optimizing the 

model for speed and scalability. 
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